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MANAGEMENT SUMMARY

Dynamic pricing and revenue management are related, but they are not interchangeable labels for every price
change. Revenue management starts with a scarce resource, a finite horizon, competing requests, and a de-
cision about price, acceptance, allocation, or some combination. Maglaras and Meissner's 2006 model makes
the distinction explicit by comparing dynamic pricing with capacity control under a common
constrained-capacity structure. Zhang, Netzer, and Ansari's 2014 B2B study adds a setting-bound example in
which seller pricing is associated with transitions between latent buyer states. Neither source supplies a port-
able revenue uplift or a ready implementation. This article offers a diagnostic object map, keeps the model as-
sumptions visible, and shows what data and governance must be named before a commercial team calls a prob-
lem revenue management.

Keywords: Revenue management - Dynamic pricing - Capacity control - Finite horizon - Capacity
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Two businesses can change a price for completely different reasons. One responds to a change in demand. The
other must decide how to use a limited number of production slots, seats, appointments, or service hours before
a deadline. Both may use a price control. Only the second has necessarily entered a revenue-management prob-
lem.

The short answer is precise: dynamic pricing changes a price control; revenue management is the broader alloca-
tion problem created by scarce capacity, a finite horizon, and competing requests. Acceptance, reservation, prior-
itization, and allocation can be central even when the price is fixed. A price change alone does not prove that the
surrounding problem is revenue management.

That distinction matters because the wrong label hides the decision variable. A team that thinks only in prices can
miss an acceptance rule. A team that imports a revenue-management result into an unconstrained market can
mistake a conditional model for a commercial promise. The dynamic-pricing control model asks how a price
change needs a trigger, constraint, explanation, authority, and review. The pricing architecture article places that
control inside the wider commercial system. This article asks an earlier question: what is the control object, and
what is scarce?

Why is price adjustment only one component of revenue manage-
ment?
Dynamic pricing is commonly used for a policy that changes a product’s price as demand, time, inventory, com-

petition, or another state changes. The price is a control variable. The purpose may be to influence which re-
quests arrive, when they arrive, or whether they are attractive to a customer.

Revenue management includes that possibility, but it begins with a resource-allocation structure. A resource has
limited capacity. Several products, customer requests, or service commitments compete for it. The horizon ends,
or the value of accepting a request changes as time passes. The operator must choose how to use the remaining
capacity rather than merely name a price.

This is the object modeled by Maglaras and Meissner in their 2006 paper on multiproduct revenue management.
They specify a fixed capacity resource consumed by multiple products over a finite horizon . The date matters be-
cause it anchors a model result in a named source, not because an older model should be treated as a current
benchmark. The paper is an operations model with explicit assumptions, not a field study of a universal commer-
cial practice.

The distinction can be stated with five fields:

Resource: what is limited, such as machine time, inventory, seats, appointments, or delivery capacity.
Horizon: when the allocation problem ends or materially changes.

Requests: which products, customers, or services compete for the resource.

State: what is currently known about demand, remaining capacity, time, and other relevant conditions.

+  Control: price, acceptance, allocation, timing, or a combination.

If the resource, horizon, and competing requests are absent, a price change may still be useful. It is just not
enough evidence to call the problem revenue management.
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What structural controls does revenue management add to dynam-
ic pricing?

The most useful distinction is not dynamic pricing versus a different industry. It is dynamic pricing versus a differ-
ent control problem. Maglaras and Meissner present two related formulations. In the dynamic- pricing formula-

tion, the firm changes prices to influence demand. In the capacity-control formulation, prices are fixed and the
firm controls when requests consume capacity.

This is a powerful conceptual test. Suppose an organization cannot change its published price, but it can accept
one request, defer another, reserve capacity for a product class, or stop taking orders after a threshold. It still has
a capacity-allocation problem. The absence of dynamic price movement does not remove revenue management.

The reverse also holds. A subscription business may change price by segment or renewal date while having no
meaningful scarce capacity, no acceptance decision, and no deadline-driven allocation. That may be price experi-
mentation, segmentation, or commercial governance. The price can be dynamic without the problem being rev-
enue management.

The same price can therefore sit inside different systems. A higher price can reduce demand, protect capacity, sig-
nal priority, recover a cost, or simply reflect a revised commercial position. The number does not identify the sys-
tem. The surrounding resource and decision rules do.

Why does capacity constraint dictate revenue optimization archi-
tecture?

The Maglaras and Meissner model is valuable because it shows how the formulations relate. Multiple products
jointly consume a common capacity resource. The authors aggregate that consumption and translate the aggreg-
ate rate into product-level controls. The common structure lets a reader see why price control and capacity con-
trol can be analyzed together without pretending that they are the same action.

The translation should remain bounded. An aggregate capacity rate is a model representation. It does not tell a
commercial team that all products can be reduced to one score, that all capacity units are substitutable, or that
one heuristic will fit every organization. Product-level demand, cross-price effects, service obligations, and opera-
tional constraints can make the abstraction more or less useful.

Revenue management is thus not a synonym for put everything into an optimization model. A defensible design
states the resource, the horizon, the requests, the state, the control, and the outcome before it selects a model. It
also says which assumptions are observations, which are inputs, and which are merely convenient simplifica-
tions.
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Figure 1 Which control is doing the work?

Acceptance control | 0
Capacity resource | 0
Finite horizon | 0
Competing requests | 0
Allocation outcome | 0

0.5 1.0

Author's schematic field-presence coding grounded in Maglaras and Meissner (2006). A value of 1 means the field is present as a central decision object in
the framework; 0 means it is not the primary control in that row. These are not observed company values or performance results.

Which five operational variables must pricing systems keep dis-
tinct?

The word control can hide several separate actions. A high-quality revenue-management discussion keeps them
visible.

Price changes the economic condition offered to a request. It may influence arrival, quantity, timing, or product
choice. Price is not the only way to manage demand, and its effect depends on the demand assumptions in the
model.

Acceptance decides whether a request can consume capacity. A fixed-price system can still reject, defer, or re-
serve requests. That choice is often the clearest evidence that capacity control is present.

Allocation assigns scarce resource to product classes, customers, uses, or time periods. Allocation can include
protection rules or priority classes. It should not be smuggled into a price variable merely because price is easier
to store.

Timing determines when an offer, reservation, delivery, or use of capacity occurs. A request that is profitable
today may displace a more valuable request later. The finite horizon makes that opportunity cost visible.

Outcome defines what the system is trying to protect or improve. Revenue, margin, utilization, service level, con-
tribution, strategic access, and customer experience are not interchangeable outcomes. An algorithm cannot be
judged until the outcome is named.

The data model should mirror this separation. A record that contains only price and realized revenue cannot show
whether a result came from price response, acceptance selection, resource scarcity, customer mix, or timing. The
missing fields are not a minor analytics inconvenience. They are evidence that the problem object has not yet
been described.
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Why is a B2B pricing model fundamentally distinct from a capacity
model?

Zhang, Netzer, and Ansari provide a useful boundary from a different angle. Their 2014 Marketing Science study
models buyers in one industrial B2B setting as occupying two latent states and reports that “The seller’s pricing
decisions can transition buyers between these two states.” The result helps show that a dynamic price can
change a relationship state, not just a short-run demand quantity.

The setting is narrow. The paper concerns an aluminum retailer selling to industrial buyers. Its latent states are in-
ferred from longitudinal purchasing behaviour, not from a universal survey instrument or a general B2B tax-
onomy. The pricing mechanism is therefore a bounded example of dynamic targeted pricing. It does not establish
that every price change moves trust, that every sector has two states, or that a capacity-allocation model is
present.

The paper also illustrates why counterfactual numbers need labels. Its abstract reports a 52% improvement in
profitability for an optimal dynamic and targeted pricing strategy based on the model. That is a model counter-
factual, not a field result. It is not a revenue-management benchmark, a promised lift, or evidence that an organiz-
ation should implement a particular pricing policy.

This boundary protects both concepts. Dynamic pricing can shape buyer behaviour without solving a scarce- ca-
pacity allocation problem. Revenue management can allocate fixed-price capacity without changing buyer trust
states. A model may contain both, but the analyst must name which mechanism the evidence supports.

How do static, list-price, and resolving policies balance yield and
risk?

Calling a system revenue management does not settle how it should operate. Maglaras and Meissner compare
static pricing, list-price capacity control, and a dynamic resolving heuristic. These are control choices inside a
constrained model, not three levels of commercial maturity.

A static pricing policy holds the price rule fixed over the relevant period. That can be rational when the cost of ad-
justment is high, demand information is weak, or the system does not need frequent intervention. It does not
mean that capacity is irrelevant.

A list-price capacity-control policy holds prices fixed while the acceptance boundary changes. The system can
protect a scarce resource by altering which requests are admitted. This is the clearest counterexample to the idea
that revenue management requires dynamic pricing.

A resolving policy recalculates a control from the current state and remaining time. In the paper, the resolving
heuristic updates a fluid policy as state and time-to-go change. Resolving is a feedback choice. It is not a synonym
for revenue management and it is not proof of improvement in every setting.

The operational question is therefore not do we have dynamic pricing? It is which controls can change, how often,
from which state, under which authority, and with what review? The answer should be different for price, accept-
ance, allocation, and timing.
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Why do algorithm simulation results require operational boundary
conditions?

The paper’s asymptotic result is easy to overread. Maglaras and Meissner describe the heuristics as fluid-scale
asymptotically optimal in a regime where potential demand and capacity grow proportionally large. That is a
mathematical condition. It is not a claim that a small commercial system will perform optimally after adopting a
resolving policy.

The numerical section compares policies on specified model instances and reports scarcity-dependent differ-
ences. The instances carry assumptions about demand, capacity, cross-price effects, and the way requests con-
sume the resource. A result from one instance can illuminate mechanism or sensitivity. It cannot silently become
a benchmark for an unnamed market.

Every translation into practice should therefore carry three labels:

1 Source condition: what the paper assumed or estimated.
2 Local observation: what the organization can actually measure in its own process.

3 Decision hypothesis: what the team proposes to test, with a disconfirming result.

If those labels are absent, the model’s precision will be mistaken for the data’s precision.

Figure 2 The revenue-management control record

RESOURCE AND HORIZON REQUESTS AND STATE CONTROL AND AUTHORITY OUTCOME AND TEST

What is scarce, and when does Which requests compete, and Can price, acceptance, Which outcome is protected,
the allocation problem end or what is known about remaining allocation, or timing change? and what result would
change? capacity, time, and demand? Who may change it? disconfirm the policy?

Five rows are blank reader inputs. The worksheet separates source assumptions, local observations, and the decision

hypothesis before implementation.

Author's worksheet grounded in the constrained-capacity and control distinctions in Maglaras and Meissner (2006). Blank fields are reader inputs; no
performance result or implementation recommendation is supplied.

How should commercial teams diagnose capacity before selecting a
pricing algorithm?
The following matrix is an author framework. It does not classify every commercial system and it does not select

an algorithm. Its purpose is to force the problem owner to write down the object that the decision actually con-
trols.
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Figure 3 Dynamic pricing, capacity control, or revenue management?

Synthetic problem object

What is scarce?

Primary control

Time boundary

Evidence needed
before naming it

Segment price revision

Fixed-price reservation queue

Multiproduct constrained resource

B2B targeted quote policy

Capacity model with no price movement

Price flexibility or
willingness to
pay is being
tested; no capa-
city constraint s
declared.

Acceptance slots
or service capa-
city are limited.

Several products
consume one
scarce resource.

Buyer state and
quote response
are being
modeled; capa-
city may or may
not bind.

Price is fixed, but
the system pro-
tects capacity by
selecting re-
quests.

Price

Acceptance and
priority

Price, accept-
ance, or both

Price and rela-
tionship treat-
ment

Capacity control

Review period,
not necessarily a
finite resource
horizon

Booking or ser-
vice horizon

Finite allocation
horizon

Observation and
decision window

Finite horizon

Demand response,
customer terms,
objective, and ex-
periment or review
design.

Remaining capa-
city, request class,
service promise,
and rejection or
deferral rule.

Resource units,
product consump-
tion, demand
state, cross-effects,
and outcome.

Transaction his-
tory, price endo-
geneity, state
definition, and
model counterfac-
tual label.

Acceptancerule,
capacity balance,
request value, and
service con-
sequences.

Author's diagnostic framework. Rows are synthetic problem descriptions built from the source distinctions; they are not industry cases, company data,
or performance claims.

The diagnostic matrix makes one point especially visible: revenue management is a problem class, not a guaran-
tee of a particular control. The same class can use dynamic pricing, fixed-price acceptance, allocation, or resolv-
ing. The implementation owner must explain which action can change and which action is outside the system’s
authority.

What operational data must be verified before deploying dynamic
pricing?

Before a team selects a heuristic or builds a dashboard, it should have a stable record of the object. That record
should identify the resource unit, the capacity balance, the end of the horizon, the request classes, the observable

state, the controllable actions, and the outcome. It should also record when the system was unable to observe a
relevant state.
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The next layer is governance. Record who may change price or acceptance, who can override the recommenda-
tion, and what evidence an override leaves. Without that record, the outcome cannot be cleanly attributed to the
policy.

Match the review cadence to what the system can observe and change. A frequent loop with weak inputs creates
noise and exception burden.

The first implementation artifact should therefore be a control record, not a performance claim. It should contain
a model version, input definitions, state timestamp, control owner, decision, override, outcome, and review date.
The record should make it possible to say whether the system changed price, acceptance, allocation, timing, or
none of them.

Where are the empirical boundaries of dynamic pricing literature?

Maglaras and Meissner establish a constrained-capacity distinction and conditional model results. Zhang, Netzer,
and Ansari provide a bounded B2B example of dynamic pricing and latent buyer-state transitions. Together they
do not provide a universal uplift, portable algorithm, sector benchmark, or recommendation for a specific organ-
ization. They also do not remove the need to identify demand assumptions, capacity, customer terms, authority,
and outcomes.

The reliable conclusion is small: call a problem revenue management when scarce capacity, a finite horizon, com-
peting requests, and allocation are genuinely present. Call dynamic pricing the control when price changes. If
both are present, keep both labels and document which action the evidence supports.
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